
INTERNATIONAL JOURNAL OF LATEST TECHNOLOGY IN ENGINEERING,   

MANAGEMENT & APPLIED SCIENCE (IJLTEMAS) 

                                                        ISSN 2278-2540 | DOI: 10.51583/IJLTEMAS | Volume XIV, Issue IV, April 2025 

www.ijltemas.in                                                                                                                                                    Page 501 

Chest X-ray Image Based Report Generation Using Deep Learning 
Mr. N. Samba Siva Rao, Dr. J. Suresh Babu 

PG Scholar, Department of MCA, Mohan Babu University (Erstwhile Sree Vidyanikethan Engineering College 

(Autonomous), Tirupati, Andhra Pradesh, India 

DOI : https://doi.org/10.51583/IJLTEMAS.2025.140400052 

Received: 22 April 2025; Accepted: 28 April 2025; Published: 10 May 2025 

Abstract: The diagnostic procedure of Chest X-ray (CXR) relies on subjective manual report generation which takes an 

excessive amount of time. The combination of CNNs for feature extraction together with NLP for text generation through deep 

learning techniques demonstrates effective potential in solving this problem. The automated report generation allows the 

radiological report process to become more efficient and maintain higher consistent standards. Integration of NLP and CNNs in 
the system enables image analysis through CXR images which results in the production of thorough and reliable radiological 

reports. The automated system provides both fast reporting capabilities with enhanced detection precision and improved treatment 

services. Deep learning used for CXR image-based report generation represents a transformative opportunity for radiology which 

produces more effective diagnostics while benefiting both medical professionals and their patient subjects. 

The continuing advancements of deep learning and NLP technologies will lead to further improvement of automated radiological 

reporting because of higher accuracy and efficiency. Future 
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I. Introduction 

Deep learning models face performance degradation when processing CXR (chest X-ray) images because these images present 

inconsistent orientation together with contrast and noisy elements. Multiple preprocessing procedures function to prepare images 

for being processed by creating uniform and high-quality output. The model achieves better understanding of images through 
normalization because it adjusts pixel values to match a standard range while resizing ensures every image has consistent 

dimensions. After the removal of image disturbances through median filtering or Gaussian smoothing techniques deep learning 

models can process essential information using CNNs. The networks pass images through multiple layers which identify 

successively complex patterns. The early stages of CNN networks recognize basic image features starting from textures and edges 

followed by the deeper layers which understand advanced lung field structures and rib cage shapes and diaphragm boundaries. 

Through this process the model becomes capable of detecting abnormalities ranging from consolidations to nodule presence to 

infiltrates and pulmonary effusions. NLP techniques process identified abnormalities to create detailed reports containing 

significant clinical information. The reports give essential diagnostic data to clinicians through descriptions of detected issues 

along with their location and possible significance and dimensions. The training process of NLP models with annotated CXR 

reports enables them to produce accurate and relevant descriptions in their reports. Nevertheless the automatically-generating 

reports do not provide complete diagnoses. Both CXR images and generated reports undergo medical professional review by 
radiologists to maintain accuracy standards. The model gains performance enhancement through radiologist-provided feedback 

that leads to ongoing improvements. The "human-in-the-loop" supervision enables AI systems to learn and become more efficient 

thus becoming an improved support tool for radiological work. Through radiologist-physician collaboration the diagnostic 

process becomes faster and at the same time reduces radiologist workload because they can allocate their time to more intricate 

cases which results in improved workflow efficiency. 

  

The convolutional neural networks (CNNs) start their operation following preprocessing completion to extract vital features from 

the input. CNNs are optimization tools for image analysis because they generate automatic skill in detecting multiple pattern 

levels in visual information. The model during its initial network stages extracts basic image features starting with edges along 

with corners followed by textures. The progressive layers of the network identify increasingly complex image components which 
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start with lung fields and move onto rib cages before recognizing diaphragms as well as blood vessels. The network achieves the 

capacity to identify advanced anomalies such as consolidations together with nodules and infiltrates and effusions when it 

operates in its final layers. The identification of these signs indicates the presence of pneumonia or both lung cancer and 

tuberculosis or pleural effusion. The hierarchical learning process enables stepping detection of different CXR image 

abnormalities ensuring detection of minor in addition to major image alterations. After abnormal findings detection occurs natural 

language processing software generates radiology reports which summarize the detected findings. The final diagnostic summary 

built by these reports explains all detected conditions present within the images in an easy-to-understand format. The NLP models 
undergoing training at this stage use big datasets of annotated CXR reports to understand proper medical terminology for creating 

precise and clinically important descriptions. The generated reports consist of essential findings that present information about 

abnormality positions together with their dimensional characteristics and evaluation of their significance to healthcare. The report 

states that a 2 cm nodule exists in the left upper lobe and can be a benign tumor or require additional evaluation because of 

unknown nature. The automated reports enable healthcare providers to receive consistent standardized interpretations of findings 

which support better clinical choices. CXR images undergo analysis by natural language processing to detect any abnormalities 

that exist in the images. The system depends on Natural Language Processing (NLP) to produce detailed reports containing 

clinical information. The reports contain essential information that shows detected issues' size and location together with their 

significance assessment for clinicians to use. Large annotated CXR reports present to NLP models for training purposes to 

develop system capabilities in generating precise descriptions. 

The automated system produces these reports yet medical teams do not accept them as professional medical diagnoses. 
Radiologists ensure report accuracy by scrutinizing both CXR images and artificial report outputs since they possess specialized 

expertise in medical imaging assessment. The model gets better through feedback and corrections received from radiologists to 

enhance its operational efficiency. The human-in-the-loop process maintains essential importance since it helps the AI system 

develop into a more dependable assistance method for radiologists to use. The joint work enables quicker and more effective 

diagnosis enabling radiologists to concentrate on demanding cases while managing their total work volume. 

 

II. Literature Survey 

Expanded Literature Survey: Deep Learning and Imaging for COVID-19 Detection 

The global healthcare system encountered its first COVID-19 challenge so scientists leveraged artificial intelligence and deep 

learning to process medical imaging data such as chest X-rays and CT scans for diagnosis and prediction purposes. 

The fundamental work in this field was published by J. Cohen et al. in their paper “A Dataset for COVID-19 Image Collection 

and Future Predictions” (2020). The dataset they built played a vital role by enabling machine learning model development due to 

its purpose-built images during the data shortage of COVID-19 times. 

Medical Image Analysis published “Deep Learning Models for Automated COVID-19 Diagnosis Using Lung CT Scans” (2021) 
by Das and colleagues who moved from X-ray to CT scan analysis. CT imaging linked with deep learning technology exhibited 

proven ability to detect COVID-19 signs precisely in patients who showed weak or unclear virus symptoms. 
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Performance of these models heavily depends on their architectural design. M. The research paper "EfficientNet: Optimizing 

Model Scaling in Convolutional Neural Networks" (2019) by Tan and Q. Le gained popularity because it effectively combined 

accuracy and efficiency which makes it suitable for clinical deployment. 

Researchers M. Minace et al designed “Deep-COVID: Utilizing Transfer Learning for COVID-19 Prediction from Chest X-rays” 

(2020) as an advancement of previous work. The authors showcased how transfer learning provides performance enhancement 

through model reuse and fine-tuning of COVID data from pre-trained programs. 

A large dataset analysis targeted by X. Wang and colleagues resulted in “ChestX-ray8: A Large-Scale Dataset for Chest X-ray 
Disease Classification and Localization” (2017) which transformed into an analytical benchmark for medical images. This dataset 

served to establish basic standards for chest X-ray classification before COVID emerged but did not contain COVID-specific 

information. P. Rajpurkar et al. presented “CheXNet: A Deep Learning Model for Pneumonia Detection Comparable to 

Radiologists” (2017) as their intellectual work. A 121-layer convolutional network allowed their model to achieve performance 

that matched human experts when finding pneumonia diagnoses which share similar X-ray manifestations as COVID-19. 

CT imaging plays a vital clinical role for diagnosing COVID-19 according to the research by Y. Li and L. Xia in “The Role of 

Chest CT Imaging in Managing and Diagnosing COVID-19” (2020). The authors emphasized CT's dual purpose in clinical 

practice because it aids both medical diagnosis and tracking disease progression which makes CT essential for patient care. 

The research of H. Wang et al. focused on AI evaluation in “Using Deep Learning on CT Images for COVID-19 Screening” 

(2021). The researchers demonstrated how deep neural networks become operational in detecting infection patterns before full 

manifestation thus providing automated testing that reduces procedure duration when compared to human-based analysis. 

A comprehensive evaluation appeared in “Evaluating AI-Based Screening for Viral and COVID-19 Pneumonia” by M. E. H. 

Chowdhury and collaborators (2020). Published in IEEE Access the researchers demonstrated through their study various AI 

models function reliably to detect COVID-19 in viral pneumonia cases after proper training. The deep learning model COVID-

ResNet which Farooq and Hafeez developed specifically detects COVID-19 from radiographs. The researchers adjusted ResNet 

architecture to create COVID-ResNet which is a modified version of the established CNN for disease screening purposes. 

Narin et al. conducted research to determine which CNN models function best for automatic COVID-19 detection in chest X-ray 

images. These researchers demonstrated that properly trained neural networks deliver both fast and precise identification of 

COVID-19 cases which imply the usefulness of AI diagnostic assistance in medical facilities. 

III. Problem Statement 

The production of radiological reports from chest X-ray images requires substantial time due to being subjective in nature. 

Radiologists review every image carefully to detect anomalies before creating comprehensive finished written reports from their 
observations. Medical interpretation of the same image by different radiologists results in variability because their readings often 

differ. The use of subjective interpretation results in different medical teams forming inconsistent diagnostic and treatment 

solutions. Healthcare demands resulting in elevated CXR image volumes stress radiologists to the point where they might 

experience burnout which leads to longer patient care duration. A solution must be developed immediately to produce accurate 

radiological reports from CXR images because current processes fall short in terms of efficiency together with consistency and 

scalability. The combination of CNNs for feature extraction with NLP for text generation  

Motivation 

This project aims to solve the problems associated with manual chest X-ray report development because such processes are slow 

and produce irregular results from subjective human assessment. The rapidly increasing number of CXR images in healthcare 

facilities creates additional work for radiologists who may experience exhaustion leading to patient care delays. This project uses 

deep learning features consisting of CNNs alongside NLP capabilities to develop automated report generation solutions. The 

automated process will boost diagnostic effectiveness through objective results as well as professional consistency to minimize 

radiologists' workload which directly improves both patient healthcare and outcomes. 

Scope of the Project 

The scope of the project "Chest X-ray Image-Based Report Generation Using Deep Learning" is to develop an automated system 

that utilizes deep learning techniques, including Convolutional Neural Networks (CNNs) for feature extraction and Natural 

Language Processing (NLP) for report generation, to analyze chest X-ray (CXR) images and generate accurate, clinically relevant 

radiology reports. The system aims to identify abnormalities such as nodules, consolidations, and effusions, and generate detailed 

reports that describe their size, location, and significance. The project also involves a human-in-the-loop approach where 

radiologists validate and provide feedback on the generated reports, ensuring their accuracy and clinical relevance. Ultimately, 

this project seeks to streamline the diagnostic process, reduce radiologists' workload, and improve the efficiency and consistency 

of CXR reporting in clinical settings. 
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Research Gap 

The research gap in Chest X-ray (CXR) image-based report generation using deep learning can be identified across several key 

areas. One major challenge is the limited availability of large, high-quality annotated datasets, which are crucial for training AI 

models that can accurately detect a wide range of conditions. There's also the difficulty of dealing with variations in CXR images 

due to differences in factors like orientation, noise, and contrast. While deep learning models are good at detecting obvious 

abnormalities, they still struggle with identifying subtle or complex pathologies. Furthermore, integrating other patient data, such 

as medical history and clinical information, to improve diagnostic accuracy is an area that has not been fully explored. The use of 
Natural Language Processing (NLP) to generate clinically relevant reports also has room for improvement, particularly when it 

comes to ensuring that the generated reports accurately reflect the clinical significance of the findings.  

Additionally, continuously incorporating feedback from radiologists to improve models in real-time is another challenge, 

alongside navigating the regulatory and ethical concerns surrounding AI use in healthcare. Lastly, scaling these models to work 

effectively in real-world clinical environments and ensuring their reliability across different patient populations remain significant 

hurdles to overcome. 

Objectives 

 A CNN-based model for CXR assessment will be developed to measure chest X-ray images automatically which 

diagnoses pneumonia and other lung diseases by detecting nodules along with consolidations and infiltrates and 

effusions. 

 Preprocessing techniques should be enhanced through methods such as image normalization while adding resizing and 
noise reduction capabilities to ensure CXR images reach maximum performance for deep learning models. 

 Artificial intelligence through NLP generates precise medical documentation about CXR image findings which shows 

defect dimensions and their positions and implications for patient care. 

 The AI solution should let radiologists verify AI-produced reports alongside supplying amendments that enhance the 

model performance as it develops. 

 The model needs to address CXR imaging conditions through design elements that maintain reliable results despite 

variations in equipment, contrast and patient positioning and image quality. 

Implementation 

The implementation of the "Chest X-ray Image-Based Report Generation Using Deep Learning" project follows a structured, 

multi-phase approach to develop an efficient, automated system. First, a comprehensive dataset of annotated chest X-ray images 

is compiled from trusted sources, ensuring a diverse range of conditions and abnormalities are included. This is followed by 
preprocessing steps such as resizing, normalization, and noise reduction to standardize the images and enhance their quality, 

making them more suitable for analysis by deep learning models. The heart of the system relies on a Convolutional Neural 

Network (CNN), which is specifically designed to detect a wide array of abnormalities in chest X-rays, including conditions like 

pneumonia, lung cancer, tuberculosis, and pleural effusion. The CNN model progressively extracts hierarchical features from the 

images, starting with basic textures and advancing to more complex anatomical and pathological structures. This system enables 

addressing problems related to variations in CXR image quality and patient positioning as well as contrast issues. The model 

attains better robustness through data augmentation techniques which allows it to process these image variations with 

effectiveness. The system passes performance tests using established accuracy measures and specificity tests and sensitivity 

measures while expert clinicians provide regular checks to confirm system fitness for real medical practice. The system integrates 

perfectly with typical radiology environments to boost professional capabilities without taking their position. At the project’s 

conclusion the application satisfies the data privacy requirements of HIPAA and GDPR frameworks while resolving technical and 
ethical AI healthcare regulations. This system demonstrates potential for enhancing patient diagnosis efficiency while decreasing 

radiologists' workload pressure which will result in better patient medical results. 
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IV. Results 
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